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Model Size(pixels) Params(M) Speed(ms)
YOLOvb5s 7.2 6.4
YOLOvbm 640 21.2 8.2
YOLOv51 46.5 10.1
YOLOv5x 86.7 12.1
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Jetson AGX Xavier 32GB Module

CPU 8—core ARM 64—bit
GPU 512—core NVIDIA Volta
Memory 32GB LPDDR4x

Storage 32GB eMMC 5.1
Power 10~30W
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Model mAP@0.5 mAP@0.5:0.95 FPS
YOLOv5s 91.4 88.0 16
YOLOvbm 93.9 90.6 10
YOLOv51 94.2 91.0 6
YOLOv5x 95.4 91.1 4
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